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Executive Summary 
Private equity firms have deployed hundreds of billions into "digital transformation" over 
the past decade. The results are mixed. Companies emerge from PE ownership with 
modern ERP systems, cloud migrations, and digital marketing stacks — yet the 
underlying competitive structure is unchanged. When the fund exits, the next buyer 
finds a business that looks different but operates the same. 
 
This playbook argues that durable PE digital value is not created by technology 
adoption. It is created by structural architecture — building systems, data layers, and 
network positions that competitors cannot replicate on a contract cycle. The difference 
between a company that doubles its EBITDA multiple and one that stays flat is rarely 
the technology stack. It is whether the digital investment created something structurally 
irreversible. 
 

Core thesis:  80% of technology should be bought off the shelf. Only 20% should be built 
— the part that encodes proprietary data, relationship history, and network logic that no 
competitor can purchase. That 20% is where all the multiple expansion lives. 

 
This playbook is organized around six imperatives for PE investors and portfolio 
management teams. Each imperative is grounded in operational practice, not consulting 
theory. Each is illustrated with the types of decisions that create or destroy value at exit. 
 

 



Part I: The Diagnostic  
— Why Most Digital Programs Fail 
 

1.1  The Three Failure Modes 
 
Before deploying capital into digital programs, PE investors need to diagnose which 
failure mode the portfolio company is most at risk of: 
 

Failure Mode 1: Technology Theatre 
The company invests in visible digital signals — a modern website, cloud infrastructure, 
dashboards, an AI chatbot — without changing the underlying operating model. These 
investments show well in management presentations but do not move gross margin, 
customer retention, or competitive position. 

• Tell-tale signs: digital spend shows up in OPEX, not in unit economics 
• Tell-tale signs: NPS or churn metrics unchanged post-implementation 
• Tell-tale signs: technology is presented by the IT director, not the CEO 

 

Failure Mode 2: Platform Ambition Without Network Effect 
The company declares a "platform strategy" and invests in proprietary technology to 
connect customers, suppliers, and partners. The investment is real but the network 
never reaches critical mass. Switching costs remain low. The platform is really just an 
internal workflow tool that customers tolerate rather than depend upon. 

• Tell-tale signs: platform described in terms of features, not in terms of data accumulation 
• Tell-tale signs: no supplier or customer pays to join the platform; they join because they 

are required to 
• Tell-tale signs: competitor can replicate the feature set in 12 months 

 

Failure Mode 3: Autonomous Team Proliferation 
Inspired by technology company culture, the portfolio company creates autonomous, 
cross-functional digital product teams. Each team moves fast. Each team builds its own 
data model. The result is an organization with six incompatible data systems, no shared 
architecture, and coordination overhead that consumes the productivity gains from 
autonomy. 

• Tell-tale signs: multiple teams building overlapping products without shared API layer 
• Tell-tale signs: data requests take weeks because no canonical data model exists 
• Tell-tale signs: engineers building commodity features available in SaaS tools 

 



PE Diagnostic Question:  Ask management to describe in one sentence what your 
technology does that no competitor can replicate. If the answer involves features — you 
have a Theatre problem. If the answer involves network effects — ask them to prove critical 
mass. If there is no answer — you have a proliferation problem. 

 

1.2  The Multiple Expansion Equation 
 
Digital investment creates multiple expansion through exactly three mechanisms. 
Everything else is noise: 
 

Mechanism How It Works Valuation Impact 
Margin expansion Lower cost-to-serve through 

automation; commodity inputs 
priced via platform data 

Direct EBITDA improvement; same 
multiple × higher base 

Revenue quality upgrade Recurring, API-driven, or platform-
mediated revenue carries higher 
multiple than transactional revenue 

Multiple re-rating from logistics (6-
8x) toward software (15-25x) 

Switching cost creation Network effects, proprietary data 
accumulation, or embedded 
workflow make churn economically 
irrational 

De-risked cash flows justify 
premium multiple 

 
Note what is absent from this list: technology modernization, cloud migration, and digital 
marketing. These are necessary hygiene factors. They are not value creation 
mechanisms. A company that has migrated to cloud but not changed revenue quality or 
customer switching costs has spent money, not created value. 
 

 



Part II: The Six Imperatives 
 

Imperative 1: Build the 80/20 Architecture 
 
The single most important strategic decision in any PE digital program is the make-
versus-buy architecture. The default answer for most portfolio companies — without 
discipline — is to build too much. 
 
The correct framework: identify every digital capability in the business. For each one, 
ask: does this encode something competitors cannot replicate — proprietary 
relationship data, anomaly patterns, network effects? If yes, build it. If no, buy it. 
 
In practice, the "build" category should be radically smaller than most management 
teams believe: 
 

Capability Build or Buy? 
CRM / customer management Buy (Salesforce, HubSpot, etc.) 
ERP / finance Buy (SAP, Oracle, etc.) 
Route optimization Buy (commodity SaaS) 
IoT / sensor tracking Buy (commodity hardware + SaaS) 
Anomaly detection using 
proprietary network data 

Build 

Customer relationship history 
encoding 

Build 

Supplier network optimization 
specific to your asset base 

Build 

API integration layer connecting 
your proprietary data 

Build 

 
The financial logic is clear: every hour engineers spend rebuilding Salesforce is an hour 
not spent on the anomaly detection model that Salesforce could never sell. The 80% 
that is bought should be selected for best-of-breed and integrated rapidly. The 20% that 
is built should receive the majority of engineering talent and board-level attention. 
 

Imperative 1 Test:  At your next board meeting, ask the CTO to list every active 
engineering project. Categorize each as Buy (available commercially) or Build (proprietary). 



If more than 30% of engineering time is in the Buy category, you have an architecture 
problem. 

 

Imperative 2: Build the Data Platform Before the Products 
 
The most common sequencing error in PE digital programs is building user-facing 
products — dashboards, apps, portals — before building the foundational data layer. 
The result is multiple products with incompatible data, none of which can be connected 
to create network effects. 
 
The correct sequence: 

• Phase 1: Standardize data models across all business units. This is unglamorous work. 
It requires resolving years of inconsistent naming conventions, integration formats, and 
system boundaries. It takes 6-18 months. Without it, nothing else compounds. 

• Phase 2: Build the API layer. Every system — legacy, modern, acquired — connects to 
a shared integration platform with documented, versioned APIs. This is the foundation 
that allows agents, products, and partners to build on top. 

• Phase 3: Build proprietary intelligence on top of the data platform. With clean data and 
accessible APIs, anomaly detection, optimization engines, and AI agents can be built 
that actually leverage what the company knows. 

• Phase 4: Expose the platform to external parties — customers, suppliers, partners — 
creating the network effects that drive multiple expansion. 

 
PE investors should be skeptical of any management team that wants to jump to Phase 
4 without completing Phases 1 and 2. The product will launch. It will have no defensible 
data. The switching cost will be zero. 
 

Imperative 3: Monetize the Network, Not the Transaction 
 
Traditional logistics and industrial companies monetize transactions: move a pallet, bill 
for the move. Digital transformation creates a second monetization layer: the 
optimization of the transaction for the customer. This is the transition from services 
company to platform company. 
 
The platform monetization model works when three conditions are met: 

• The platform creates more value for participants than they could create independently — 
the optimization engine must outperform the customer's own planning capability 

• The platform value increases with network size — more suppliers, more customers, 
more data creates better optimization for all participants 



• The cost of leaving exceeds the cost of staying — switching costs come from data 
history and network relationships, not contracts 

 
The financial signal that you have achieved genuine platform economics is when new 
revenue begins arriving through the network itself — existing customers and suppliers 
recruiting new ones because the network improves their own performance. 
 

Warning signal:  If your platform's switching cost is entirely contractual (i.e., a customer 
could leave if they accepted the contract penalty), you do not have a platform. You have a 
service with a good contract. The question to test this: if the contract expired tomorrow and 
the customer had full technical freedom, what would make them stay? 

Imperative 4: Maintain Human Expertise in the Automation Layer 
 
A critical and underweighted risk in PE digital programs is the progressive erosion of 
human expertise as automation scales. This risk is financial: when the automation fails 
— and it will fail — the company may no longer have the human capability to recover. 
 
The correct model is not "automate everything" but "automate the routine; amplify the 
expert." Automation handles volume. Human experts handle exceptions, edge cases, 
and the situations the training data never anticipated. 
 
Operationally, this means: 

• Document the expert knowledge that underpins automated systems before removing the 
humans who carry it 

• Maintain manual fallback procedures that are actively practiced, not just written in a 
manual 

• Ensure that the humans who interact with automated systems understand the logic, not 
just the interface 

• Size the expert team not for normal operations but for failure recovery 
 
The PE valuation implication: a company where automation has hollowed out human 
expertise is fragile. A major technology failure becomes an existential operational crisis 
rather than an incident. A company where automation amplifies documented human 
expertise is resilient — and resilience is priced into exit multiples. 
 

Imperative 5: Manage the Capital Structure Through the 
Transformation 
 



Digital transformation programs are long-duration investments. PE fund cycles are 3-7 
years. These timelines create inherent tension: the transformation that maximizes exit 
value may require sustained investment that stresses covenant ratios in the interim. 
 
PE investors must manage this tension actively. The tools available: 
 
Tool Application 
Asset divestiture Sell non-core business lines that do not fit the platform thesis; use 

proceeds to deleverage and fund transformation investment 
Revenue quality upgrade Prioritize contracts with recurring or platform characteristics; upgrade 

EBITDA quality before exit, not just EBITDA level 
Covenant renegotiation Proactively engage lenders with a structured transformation plan; 

separate platform and legacy segments in covenant calculation 
LP structure management If fund timeline mismatches transformation timeline, manage LP 

expectations proactively or arrange continuation fund 

 
The worst outcome is a transformation program abandoned halfway because covenant 
pressure forced a retreat to cost-cutting. A partial transformation — new technology 
costs without new revenue quality — destroys value. Either commit fully or do not start. 
 

Imperative 6: Rewire Leadership, Not Just Technology 
 
The most common cause of failed PE digital programs is not bad technology. It is the 
leadership team's inability to operate the transformed business model. Engineers who 
can build a platform cannot always sell it. Operators who understand logistics cannot 
always understand network economics. CFOs who track cost-per-transaction cannot 
always model platform margin dynamics. 
 
This requires deliberate leadership transformation: 

• The CEO must be able to articulate the platform thesis in one sentence and defend it 
under pressure from skeptical board members, customers, and employees 

• The CFO must model platform economics — contribution margins, cohort retention, 
network participant LTV — not just P&L 

• The technology leader must understand both architecture (what gets built vs. bought) 
and product (what customers will pay for) 

• The operations leader must be the bridge between the automated system and the 
human expertise layer 

 



PE board members should evaluate leadership fitness for the transformed business 
model, not the historical one. A CEO who has built a strong logistics operation may not 
be the CEO to build a platform business. Recognizing this early — and making the 
transition professionally, preserving institutional knowledge — is one of the highest-
value interventions available to a PE investor. 
 

 



Leadership Accountability by Role 
A 2026 WEF/Accenture study of AI transformation across financial services — drawing 
on over 150 senior leaders at more than 100 organizations — found that AI 
accountability is now distributed across the C-suite, not concentrated in IT. The table 
below adapts that accountability map for a PE portfolio company board. 

Role Accountability 
CEO Set the strategic intent and personally sponsor the transformation — not 

delegate it to a Chief Digital or AI Officer 
CFO Track cost before and after; allocate compute and licensing as a distinct 

expense line; report digital capacity as part of workforce capital 
CRO / Chief Compliance 
Officer 

Define risk appetite for AI; require validation, continuous monitoring and 
rollback options; ensure agent actions are explainable and logged 

CTO / CIO / Chief Data 
Officer 

Publish a reference architecture covering identity, data governance, tool 
access and telemetry; define agent certification requirements; avoid 
vendor lock-in 

CHRO Partner with the business to redesign roles and reskill employees; identify 
hybrid roles such as agent supervisors; update performance 
management to include digital workers 

COO / business unit 
heads 

Select processes with established baselines and clear benefits; define 
service levels for AI-assisted workflows; start adoption in controlled, high-
value areas 

 
PE Diagnostic Question: Ask each member of the executive team, separately, 
who owns AI accountability in their function. If more than one gives the same 
answer — or nobody does — accountability has not actually been assigned, 
regardless of what the org chart says. 

 

Part III: Exit Preparation — Selling the Platform 
Premium 
3.1  The Valuation Narrative 
At exit, the gap between a logistics multiple (6-8x EBITDA) and a platform multiple (15-
25x EBITDA) is not justified by the technology. It is justified by the narrative of structural 
irreversibility. The buyer must believe that the competitive position is not replicable 
without the network, the data history, and the embedded relationships. 
The exit narrative must answer three questions in sequence: 

• What does the platform do that a competitor cannot buy? (The proprietary data 
and network answer) 

• Why is the switching cost structural rather than contractual? (The network 
economics answer) 



• What is the trajectory of the competitive moat? (The growth answer — moat 
widening, not just stable) 

There is a fourth question sophisticated buyers now ask that sellers routinely fail to 
prepare for: who is telling this story? A valuation narrative assembled by a banker from 
management's data room is a sales document. A valuation narrative that the CEO or 
CTO can defend, unscripted, in front of a skeptical outside party is evidence. Buyers 
price the difference — not because they distrust the numbers, but because a narrative 
an operator can only recite has not been stress-tested, and a narrative an operator can 
defend has already survived the questions a buyer is about to ask. 

PE Diagnostic Question: Before you engage a banker, have your CEO or CTO 
explain your competitive moat, unprompted, in front of someone who was not in the 
room when it was built. If they can only describe growth metrics — not the 
mechanism that makes the growth defensible — your narrative is not ready, no 
matter how good the numbers look. 

 

3.2  The Due Diligence Package 
PE investors should begin building the exit due diligence package for the platform 
narrative 18-24 months before expected exit. The key components: 

Component What Sophisticated Buyers Look For 
Platform architecture audit Independent verification that the API layer and data platform are 

built to institutional standards, not founder-specific knowledge 
Network effect metrics Proof that platform value per participant increases with network 

size; cohort analysis showing improving retention as network 
grows 

Switching cost quantification Model of customer cost-to-switch, incorporating data migration 
complexity, relationship history loss, and reintegration effort 

Human-technology balance 
documentation 

Evidence that automated systems have documented human 
fallback procedures; resilience is a premium, not a discount 

Revenue quality bridge Clear transition from transactional to platform/recurring revenue; 
gross margin evolution showing software-like economics 

Workforce transition record Documented knowledge-capture protocol, redeployment rate, 
and reskilling spend — proof the transformation did not simply 
strip out expertise (see Part IV) 

Definition governance log A canonical data dictionary with a named owner and a change 
history, not a set of definitions nobody can explain (see 3.4b) 

 

3.3  Who Is Actually Buying? Segmenting the Exit 
The valuation narrative changes depending on who is underwriting it. Building one 
generic “platform story” and pointing it at every buyer type wastes the two years of 
preparation. Three buyer archetypes underwrite fundamentally different things. 



Buyer Type What They Underwrite What Kills the Deal How You Prepare 
Strategic trade 
buyer 

Cost synergies, 
route/customer overlap, 
and whether your revenue 
quality is already 
differentiated from theirs 

Integration risk — the fear 
that the platform does not 
survive being folded into 
their stack 

Document the platform 
as an asset 
independent of any one 
person: the API layer 
must be inspectable 
and portable, not tribal 
knowledge held by the 
founder or CTO 

Financial 
sponsor 
(secondary 
buyout) 

Whether multiple 
expansion continues 
under new ownership — 
they are buying the next 
five years of 
compounding, not the last 
five 

Evidence that the easy re-
rating (3x to 8x) already 
happened and the 
remaining runway is thin 

Show the network 
effect curve is still 
accelerating 
(participant growth rate, 
not just headcount) and 
present a credible “next 
20%” build roadmap, 
not a “we finished 
building” narrative 

Public markets 
(IPO) 

Predictability and 
governance at a level 
private buyers do not 
require — the story must 
survive quarterly 
disclosure and analysts 
who were not there when 
it was built 

Any narrative that 
depends on “trust us” 
rather than “audit us” — 
public investors cannot 
underwrite founder 
credibility the way a PE 
buyer can 

The narrative must be 
operator-authored, 
reviewed by the bank 
— not the reverse. The 
operator who can 
explain and defend the 
canonical data model 
under hostile 
questioning is worth 
more at S-1 than one 
who can only recite 
growth metrics 

 

3.4  Two Diligence Tests Every Buyer Should Run Personally 
(a) The Shadow Spreadsheet Test 
In logistics and industrial businesses, the single most reliable indicator of whether a 
“platform” has actually earned trust is whether key customers still maintain their own 
parallel tracking of the numbers the system reports. Any operations team that does not 
fully trust a vendor's data keeps its own copy — in a spreadsheet, a notebook, a side 
channel. That parallel record is not a complaint. It is a free, continuously running 
diagnostic instrument, and most sellers never think to hand it to a buyer. 
How to run it: during customer reference calls, do not ask whether the customer is 
happy with the platform. Ask instead whether they keep their own tracking of the core 
metric — on-time percentage, inventory accuracy, whatever the platform's central 
promise is — separate from what the platform reports. If the answer is yes, ask how 
large the gap is and how long they have kept it running. A gap that has shrunk toward 
zero over multiple years is stronger switching-cost evidence than a churn number, 
because it shows the customer's own operations team — not just their signature on a 
contract — believes the data. If a customer has stopped keeping their own copy, ask 



exactly when, and why. That date is closer to the real “network effect achieved” 
milestone than anything in the data room. 

Warning sign: If the seller cannot tell you whether major customers still run shadow 
tracking, they have not run this diligence on themselves — which is itself 
informative. 

 

(b) The Definition Audit 
Ask to see the canonical data dictionary: the document — it should exist, and be a 
document, not tribal knowledge — that defines what each core metric means. What 
event triggers “delivered.” What counts as an “active” customer. What “on-time” actually 
measures. Then ask who owns changes to that dictionary and how a change gets 
approved. A company with real data discipline gives a boring, procedural answer: a 
named owner, a change log, a governance step. A company without it will say the 
definitions were decided by whoever built that part of the system — which means they 
are accidental, not intentional, and will not survive the acquirer's own systems being 
bolted on after close. 
Why it matters more than it looks: multiple systems quietly disagreeing about the same 
fact is the single most common reason platform investments fail after close — not a 
coding problem, a governance problem. It resurfaces immediately, and expensively, the 
first time an acquirer tries to merge the target's data into their own reporting. 

3.5  Reading the Seller's Narrative: A Translation Table 
Every platform pitch uses the same handful of phrases. The phrase is not the diligence. 
The follow-up question is. 

What the Seller Says What the Buyer Should Ask What the Answer Reveals 
“We have an AI-powered 
platform.” 

“Walk me through one decision the 
system makes without a human in the 
loop, and show me the fallback when it's 
wrong.” 

Whether the AI claim is a 
capability or a slide 

“Our platform has 
network effects.” 

“Show me the last five participants who 
joined because an existing customer or 
supplier referred them — not because 
your sales team called them.” 

Whether growth is 
networked or simply well-
funded sales 

“We've built a 
proprietary technology 
moat.” 

“List every active engineering project and 
mark each Buy or Build. What share of 
engineering time is Build?” 

Whether the organization 
has 80/20 discipline or is 
quietly rebuilding commodity 
SaaS 

“Customer retention is 
95%-plus.” 

“What share of that revenue is under 
multi-year contract versus month-to-
month, and what would retention be if the 
contract expired tomorrow with no 
penalty?” 

Whether retention is 
structural or contractual 



“The platform basically 
runs itself.” 

“Who is the smallest team that could keep 
this running through a 30-day outage of 
the core system, and when did they last 
practice it?” 

Whether resilience is real or 
assumed 

 

3.6  Sequencing the Exit: An 18-24 Month Timeline 
Timeframe What the PE Owner Should Be Doing What “Ready” Looks Like 
T-24 months Commission the platform architecture audit and 

switching-cost quantification now, while there is still 
time to fix what it finds 

Findings become a 
management to-do list, not a 
banker's slide 

T-18 months Run the shadow spreadsheet and definition audit 
(3.4) against your own top 20 customers before a 
buyer runs it for you 

You know your weak points 
before diligence starts, not 
during it 

T-12 months Draft the valuation narrative internally — operator-
authored, not agency-authored — and pressure-test 
it with the board as if they were a skeptical buyer 

The CEO can defend the 
moat, unscripted, under 
hostile questioning 

T-6 months Select bankers and the buyer universe based on 
which buyer archetype (3.3) actually fits your 
evidence 

Process design matches the 
evidence you actually have, 
not the process you wish you 
had 

T-0 Close — 
 

3.7  Measuring AI Value at the Portfolio Company 
As portfolio companies deploy generative and agentic AI specifically — not just digital 
transformation broadly — the multiple-expansion mechanisms in Part I need a finer 
instrument. Industry research groups AI value measurement into four lenses; PE 
investors should expect management to report against all four, not just the first. 

Lens What It Asks Example Metrics 
Economic value How much value does AI create, 

net of what it costs to run at 
scale? 

AI-attributed revenue uplift; cost-to-serve 
reduction net of run costs; capital 
efficiency impact 

Decision 
effectiveness 

Is AI improving judgment, not just 
speed? 

Human override rate on AI-supported 
decisions; decision-loss rate versus the 
baseline process; divergence from 
established policy 

Adoption and 
behavioural 
change 

Has the organization actually 
changed how it works? 

Share of cases completed end-to-end with 
AI in the workflow; human intervention 
rate required to reach an acceptable 
outcome; active use by role 

Risk, control and 
sustainability 

What will it cost to sustain this at 
scale, over the model's life cycle? 

Cost of control per model; incident rate 
weighted by severity; time to remediate; 



ability to pause or roll back without 
business disruption 

 
PE Diagnostic Question: Ask management to report cost-to-serve reduction net of 
AI run costs, not gross. Compute and licensing for genAI and agentic systems is a 
real, growing expense line — a value story that only shows the gross benefit is 
hiding half the P&L. 

 

Part IV: The Social Contract — Automation and the 
Workforce 
Private equity digital transformation programs rarely address the workforce implications 
of automation explicitly. This is a mistake — operationally, culturally, and increasingly 
from an ESG/LP perspective. 
When the platform automates tasks previously performed by people, three things must 
happen for the transformation to be durable: 

• The knowledge those people carry must be captured before they leave — not 
after. Automation built on top of undocumented human expertise is brittle. 

• The roles that remain must be genuinely upskilled — not reassigned to 
monitoring screens. Workers who understand why the system behaves as it does 
are more valuable, and more loyal, than workers who watch outputs. 

• The workforce that cannot transition must be treated with dignity and 
transparency. The way a company handles this transition is visible to remaining 
employees, customers, and the broader market. 

PE investors who ignore this dimension face two risks: operational brittleness when 
expertise leaves without documentation, and reputational or regulatory risk as ESG 
scrutiny of workforce practices increases. The companies that handle the human 
dimension of automation well are, not coincidentally, the companies that build more 
durable platforms — because they retain the expertise that makes the automation work. 

4.1  The Knowledge Capture Protocol 
Most companies underinvest in capturing why the people currently doing a task make 
the calls they make, before that task gets automated. A practical protocol: 

• Identify the judgment holders: the five to ten people whose informal exception-
handling knowledge is currently undocumented — usually the people customers 
or operations call directly when something goes wrong, not the people whose title 
suggests seniority. 

• Run structured decision logs for four to six weeks before automating: capture the 
actual cases where a person overrode a rule, what they saw that the rule did not, 
and what happened as a result. 



• Convert that log into the canonical definitions and exception rules the automated 
system will run on — the same data-governance discipline as Imperative 2, 
applied to judgment rather than data alone. 

• Maintain a knowledge risk register — a simple, board-visible list of “who is the 
only person who knows X” — reviewed at the same cadence as a cybersecurity 
risk register, not once at the start of the program. 

4.2  The Operating Model: Automate the Routine, Amplify the Expert 
The correct model is not “automate everything” but “automate the routine; amplify the 
expert.” In practice, this means sizing and resourcing three things deliberately, not 
letting them fall out of the automation program as an afterthought. 

• Exception ownership: Size an exception desk — a defined team whose job is 
reviewing the cases the automated system flags as uncertain, not the cases it is 
confident about. 

• Automation rate as a health metric with a floor, not a ceiling: if a domain hits 
100% automation with zero human review, that is not efficiency — it may mean 
the exception threshold is mis-tuned, or that whoever monitors the system has 
stopped looking at the edges at all. A credible range for most operational 
domains is high automation on volume with a small, well-resourced human layer 
for the remainder — not zero humans left. 

• Track override recency: if it has been a long time since a human override 
actually changed the system's behavior, ask whether that is because the system 
is excellent, or because nobody is testing the edges anymore. 

4.3  The Workforce Transition Playbook 
Mechanism Practice Why It Is a Financial Decision, Not 

Just an HR One 
Timeline 
transparency 

Communicate automation timelines to 
affected teams before the system goes 
live, not after 

Surprise transitions produce 
knowledge flight exactly when 
documentation is most needed 

Redeployment-first 
policy 

Default to retraining into the exception 
desk or adjacent roles before external 
hiring for those roles 

Retains the tacit knowledge the 
automated system still depends on 

Reskilling budget 
benchmark 

Allocate a defined budget per affected 
employee, tracked like any other capex 
line 

A documented budget is diligence-
ready evidence; an ad hoc promise 
is not 

Dignified exit 
standard 

Where roles genuinely cannot be 
redeployed, apply a documented, 
consistent severance and support 
standard 

Inconsistent treatment is a disclosed 
litigation and reputational risk, and 
LPs increasingly ask about it directly 

 

4.4  The ESG / LP Reporting Angle 



LPs are asking direct questions about the workforce impact of AI-enabled portfolio 
companies — not primarily out of sentiment, but because unmanaged workforce 
transitions surface later as operational risk (the resilience gap described above) and 
reputational risk. The practical response is to report workforce transition metrics at the 
same cadence and rigor as financial covenants: headcount transitioned, redeployment 
rate, reskilling spend per head, and the severance standard applied. A portfolio 
company that can produce this scorecard on request is demonstrating exactly the kind 
of institutional-grade governance that supports a platform multiple at exit. The two are 
the same muscle. 

Dimension Strong Signal Weak Signal 
Knowledge capture Documented decision logs exist 

before automation ships 
Automation replaced a process 
nobody wrote down first 

Exception handling Named team, deliberately sized, 
reviewed at board level 

“The system mostly runs itself”; no 
one currently owns exceptions 

Redeployment Majority of affected roles moved 
internally first 

External hiring backfilled roles that 
could have been redeployed 

Transition 
communication 

Timeline shared with affected teams 
in advance 

Employees learned about 
automation from the outcome, not 
the plan 

 
PE Diagnostic Question: Ask your CEO how many people would need to be 
reassigned or rehired if the automated system were down for 30 days, and who 
currently holds that knowledge. If the honest answer is “we're not sure,” you have a 
resilience gap the market will eventually price as a discount, not a footnote. 

 

4.5  The Scale of the Shift: What the Data Shows 
The workforce discussion above is not speculative. 2026 industry research quantifies 
the scale of what portfolio companies are managing: 

• 73% of banking employees' time is estimated to be affected by generative AI — 
39% through automation, 34% through augmentation. The augmentation share is 
the one to watch: it is where judgment is amplified, not replaced, and where 4.1-
4.2 apply directly. 

• 59% of the global workforce will need reskilling by 2030, with an estimated 170 
million jobs created and 92 million displaced over the same period. Net positive 
at the level of the economy — but the net conceals the transition cost inside any 
one portfolio company, which is exactly what the transition playbook in 4.3 is 
designed to manage. 

• Only 19% of employees report working in teams that actively experiment with AI 
together, and only 17% feel comfortable speaking up about it. A workforce 
transition plan that assumes enthusiastic bottom-up adoption is assuming 
something the data says is currently rare — psychological safety has to be built 
deliberately, not assumed. 



• 95% of employees say they see value in working with generative AI. The 
adoption gap is not desire — it is trust, training and permission to experiment 
safely, which is a leadership design problem, not a workforce attitude problem. 

4.6  A Shared Vocabulary for Automation Tiers 
Boards, management and vendors often use the single word “AI” to describe five very 
different levels of autonomy. That ambiguity is where accountability gets lost. Use this 
taxonomy to make the exception-desk sizing and human fallback documentation in 4.1-
4.2 concrete rather than aspirational. 

Tier What It Does Where the Human Sits 
Assistive Generates suggestions, drafts and 

recommendations 
Remains accountable for the 
final decision and action 

Semi-autonomous Executes defined tasks within clear 
guardrails 

Operates independently on 
routine cases; escalates 
exceptions for human approval 

Autonomous Plans, decides and acts against defined 
goals with minimal intervention 

Manages end-to-end execution 
within agreed boundaries, 
reviewed after the fact 

Multi-agent / 
orchestrator 

Coordinates several specialized agents 
across a multi-step process 

Sets the goal and boundaries; 
reviews outcomes, not 
individual steps 

Tool-using Interacts with external systems, APIs and 
data sources to take real-world actions 

Defines what systems the agent 
may touch and audits the log 

 
Board Question: For any system management calls “AI-powered,” ask which tier it 
operates at today, and whether that tier was a deliberate design decision or 
wherever the vendor's default settings landed. 

 

Part V: Quick Reference — The PE Digital Health 
Check 
Use this diagnostic framework at board meetings, management presentations, and due 
diligence. A company that scores well across all six dimensions is a platform. A 
company that scores poorly is a logistics company with expensive software. 

5.1  The Six-Dimension Scorecard 
Dimension Strong Signal Weak Signal 
80/20 architecture Engineers focused on proprietary 

data/network logic 
Engineers rebuilding available SaaS 
capabilities 



Data platform 
foundation 

Single canonical data model; 
documented APIs 

Multiple incompatible data systems; 
no integration layer 

Network 
monetization 

Revenue arriving through network 
referrals 

All new revenue from direct sales 
effort 

Human expertise 
preservation 

Manual fallback documented and 
practiced 

Automation has replaced expertise 
without documentation 

Capital structure 
alignment 

Transformation investment aligned to 
fund timeline 

Covenant pressure forcing premature 
cost cuts 

Leadership rewiring CEO articulates platform economics 
fluently 

CEO still describes the business in 
legacy terms 

 
Score each dimension 1 (weak signal), 3 (developing — some evidence, not yet 
consistent), or 5 (strong signal), then sum across all six for a score out of 30. 

Score What It Means 
24-30 Platform-ready. The exit narrative in Part III is supportable with evidence, not just 

ambition. 
15-23 Real progress, real gaps. Treat this as a 12-18 month runway before an exit narrative 

will hold up to diligence — not a reason to delay indefinitely. 
Below 15 A logistics (or industrial, or services) company with expensive software. Do not fund 

an exit process on the platform narrative yet; fund the gaps first. 
 

5.2  How to Use This at the Board 
• Cadence: score the scorecard as a standing agenda item, not a special 

presentation — it should take ten minutes, not an hour. 
• Deep dive: run the full six-dimension score with supporting evidence once a 

year, ideally at the planning offsite, alongside the strategic plan — not squeezed 
into a quarterly update. 

• Who scores it: have the deal team or an independent operating partner score it, 
not management alone. Self-scored platforms grade inflate for the same reason 
self-graded homework does. 

• What to chart: track the score itself, quarter over quarter, on the same page as 
EBITDA. A platform program that is not moving the score is not creating exit 
value, regardless of what it is spending. 

5.3  The 100-Day Digital Diagnostic 
For a new platform investment or add-on acquisition, run this sequence in the first 100 
days to establish a baseline. The baseline — not the deal thesis — is what gets re-
measured every quarter thereafter. 

Window Action 



Weeks 1-2 Run the architecture Buy/Build audit (Imperative 1 test) with the CTO 
Weeks 2-4 Run the Definition Audit (3.4b) across the top three core metrics 
Weeks 4-8 Run the Shadow Spreadsheet Test (3.4a) with the top ten customers by revenue 
Weeks 6-10 Build the knowledge risk register (4.1) with the operations leadership team 
Weeks 10-14 Score the business on the Six-Dimension Scorecard (5.1) to set the baseline 

 

5.4  Sample Board Questions 
A working script, consolidated from the diagnostics throughout this playbook. Use these 
verbatim — they are designed to be hard to answer with a slide. 

• Describe in one sentence what our technology does that no competitor can 
replicate. 

• What share of engineering time this quarter went to Build versus Buy? 
• If the contract expired tomorrow with no penalty, what would make our largest 

customer stay? 
• Do our top customers still keep their own shadow tracking of our core metrics? If 

so, how has that gap moved over the last year? 
• Who owns our canonical data dictionary, and when did it last change? 
• How many people would we need to rehire or reassign if automation failed for 30 

days, and who holds that knowledge today? 
• Is our transformation investment pace still aligned with our covenant headroom, 

or are we quietly slowing down to protect ratios? 
• Can our CEO explain the platform economics to a skeptical outside investor, 

unscripted? 

5.5  Red Flags: Walk-Away Criteria 
Signals that should make an investor pause — on an initial investment, an add-on, or an 
exit process built on a platform narrative: 

• Management cannot name a single active engineering project in the Build 
category tied to proprietary data or network logic 

• No canonical data dictionary exists, and no one is identified as owning one 
• Switching costs are entirely contractual — no data, workflow, or relationship lock-

in survives contract expiry 
• Automation has scaled without any documented human fallback, and no one can 

say how it would be recovered 
• Transformation capex has been quietly cut to protect covenant ratios without 

board visibility 

5.6  Glossary 



Term Definition 
Canonical data model A single, governed definition for each core business metric or entity, used 

consistently across all systems 
Network effect Platform value to each participant increases as more participants join 
Switching cost The structural, non-contractual cost a customer or supplier would bear to 

leave the platform 
Platform multiple The higher EBITDA multiple (15-25x vs. 6-8x) the market assigns to 

businesses with recurring, network-mediated revenue and defensible data 
moats 

Shadow spreadsheet A customer's or partner's independently maintained parallel record of the 
metrics your system reports — a free, continuous trust audit 

 

Part VI: The AI Governance Layer — Risk, Regulation 
and Model Governance 
As portfolio companies move from AI pilots to enterprise-wide, agentic deployment, the 
governance questions become as material to valuation as the platform architecture 
questions in Parts I and II. This section translates 2026 industry-wide research — the 
World Economic Forum and Accenture's The AI Playbook for Financial Services, 
drawing on over 150 senior leaders across more than 100 organizations — into board-
usable diligence and governance tools. It applies most directly to regulated or data-
intensive portfolio companies, but the underlying discipline transfers to any business 
deploying genAI or agentic systems at scale. 

6.1  Why This Belongs on the Same Agenda as Value Creation 
Most financial services firms began with “no-regret” AI investments: internal process 
improvements, governance aligned to existing structures, copilots and basic training. As 
deployment scales past pilots, the same three barriers surface everywhere: data 
security and privacy, unreliable model output, and third-party vendor risk. Data privacy 
and protection specifically is the most cited AI-related risk in the industry — named by 
74% of industry players and 80% of regulators recently surveyed. 

Warning sign: If a portfolio company describes its AI risk management as “aligned 
with our existing structures” and cannot name a specific framework or a named risk 
owner, it has not yet done the work — it has described the intention to do the work. 

 

6.2  The AI Risk Taxonomy Every Board Should Track 
Risk 
Category 

How GenAI/Agentic AI Changes It What the Board Should Require 



Reputational Unreliable outputs can bypass review; 
automation bias weakens human challenge; 
genAI raises fraud and disinformation risk 

Quality controls with escalation 
thresholds; customer-visible 
transparency for AI involvement; a 
documented AI incident response plan 

Legal and 
regulatory 

Regulators now expect demonstrable 
controls, not stated principles; credit and 
pricing use cases trigger strict 
documentation and human-oversight duties 

Compliance-by-evidence audit trails 
(logs, monitoring, governance 
records); a documented answer to who 
approves, who can override, how 
intervention is recorded 

Financial Similar models across market participants 
can increase correlated risk; automated limit 
and risk actions move faster than human 
review cycles 

Stress testing for model-driven 
correlation; circuit breakers that pause 
or constrain automated limit changes 
during stress 

Operational 
resilience 

Agentic workflows reduce human buffers; 
failures can cascade across steps and 
teams quickly; dependency on external AI 
providers is a new continuity risk 

Resilience testing for agent failure 
cascades; defined fallback modes; 
continuity and exit controls for AI-
critical vendors 

Technology 
and cyber 

New AI interfaces widen the attack surface; 
concentration in a small set of model or 
cloud providers raises single-point-of-failure 
risk; deepfakes weaken identity verification 

Agent identity and privilege 
management as a tier-zero control; 
deepfake-resistant verification for 
approvals; AI vendor assurance folded 
into cyber third-party risk 

Data and 
model 

Limited explainability and opaque training 
data complicate validation; hallucination and 
non-determinism create new accuracy risk; 
frequent model updates increase drift 

An inventory of AI systems tiered by 
materiality; independent validation and 
continuous drift monitoring; 
documented data provenance 

 

6.3  A Practical, Three-Tier Way to Build This 
This is not a compliance project to be run once. The most scalable path industry 
practitioners report is three-tiered: 

• Tier 1 — the baseline: Run one internal control taxonomy as a cross-enterprise 
baseline, standardizing roles, controls and assurance across all AI use cases. 
ISO/IEC 42001 and the NIST AI Risk Management Framework are the two 
standards most portfolio companies should be able to name and map to. 

• Tier 2 — model risk management for high-impact models: for the subset of 
models making high-impact predictive or decision-grade calls — credit, pricing, 
fraud, underwriting — layer in genuine model-risk-management discipline. 
Regimes such as the US Federal Reserve's SR 26-2 or the Bank of England 
PRA's SS1/23 are narrower but far deeper: independent challenge, validation 
and evidence. 

• Tier 3 — jurisdiction-specific compliance: add jurisdiction-specific compliance 
modules on top of the baseline and MRM layers — the EU AI Act's risk-tiered 
obligations, sector regulator guidance, and local prudential requirements. 
Building this layer first, without the baseline underneath it, produces expensive, 
narrow compliance theatre that does not generalize. 



The governance operating model underneath all three tiers is consistent: the board sets 
risk appetite and requires reporting on AI exposure and incidents; a 
governance/compliance function owns the operating model, decision rights and 
approval gates as second line of defence, with internal audit providing independent 
assurance as third line; and four operational domains do the daily work — data 
governance, model governance, security and resilience, and human interaction and 
recourse, meaning an affected customer or employee can override, contest and get a 
remediation. 

6.4  The Regulatory Landscape a Cross-Border Buyer Should Know 
Region Key Frameworks What It Signals For Diligence 
United 
States 

Executive Order 14365; the Treasury's 
Financial Services AI Risk Management 
Framework 

Sets national-level expectations for 
governance and accountability while 
explicitly avoiding prescriptive 
deployment constraints — expect 
principles, not a checklist 

United 
Kingdom 

FCA AI Update and AI live testing, 
embedded into the existing Consumer 
Duty and Senior Managers regime 

A principles-based supervisory approach 
layered onto existing accountability 
structures, not a standalone AI regime 

European 
Union 

EU AI Act (Regulation 2024/1689), 
phased from 2025 

Binding, risk-tiered obligations with real 
teeth on governance, transparency and 
human oversight — the highest 
compliance bar of the major regions 

Asia-Pacific Singapore MAS FEAT principles and AI 
Risk Management Toolkit; Hong Kong 
HKMA principles; Indonesia OJK 
guidance 

Sector-specific, execution-oriented 
frameworks focused on customer-impact 
outcomes rather than a single cross-
economy statute 

 
The practical implication for a buyer: AI governance built for one region's compliance 
module is not automatically diligence-ready in another. Ask which specific module has 
actually been implemented — not whether the company is “AI compliant,” which is not a 
claim any of these regimes actually make possible. 

6.5  Model Risk Mitigations Worth Naming in Diligence 
GenAI's reliance on massive, sometimes externally sourced training data makes 
traditional deterministic testing less effective, and human review alone is expensive and 
introduces its own error. Ask which of the following a target actually uses — the specific 
combination matters more than any single one: 

• Multi-agent verification: a second AI system checks outputs against defined 
standards and independent data sources 

• Fine-tuned SLMs: small language models fine-tuned on proprietary data 
increase accuracy on domain-specific tasks a general-purpose model was never 
trained for 



• Confidence-based output scoring: low-confidence results are triaged for 
human or multi-agent review rather than every result requiring the same scrutiny 

• Automated attribution: any output can be rapidly traced back to the data and 
reasoning that produced it 

• Continuous performance monitoring: against a defined range of acceptable 
outputs — most important exactly when a model version is upgraded, which is 
when accuracy silently drifts 

• Third-party controls: gateways, checkpoints and independent auditing 
specifically for vendor-supplied models, since standard audit processes often 
cannot trace a vendor's data and algorithms end-to-end 

6.6  Field Numbers Worth Knowing 

Field numbers: 74% of industry players and 80% of regulators recently surveyed 
cite data privacy and protection as the leading AI-related risk in financial services. 
63% of financial services firms — and 65% of regulators — already use external 
foundation models for internal workflows, which makes third-party model risk a 
majority-case issue, not an edge case. Source: World Economic Forum / Accenture, 
The AI Playbook for Financial Services, June 2026. 

 
None of this replaces the judgment-and-architecture discipline in Parts I and II. It sits 
alongside it: the 80/20 build discipline decides what gets built; this section decides how 
what gets built earns the board's — and eventually a buyer's — trust. 
The PE Digital Value Playbook is a working document. The companies that use it well 
will treat it as a living diagnostic — returning to it at each board cycle to assess where 
they are on the transformation arc, not just whether they have checked the boxes. 

⬛ ⬛ ⬛ 


